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Abstract. This paper investigates the problem of exponentially asymptotic synchronization of complex
time-delay dynamical networks with multi-links and structure uncertainty. The structure uncertainty be-
longs to the uncertain coupling strength and unknown topologies structures, which appear typically in
networks environment. In order to synchronize complex networks with structure uncertainty, the adaptive
controller is designed, and some general synchronization criteria of the controllers are proposed and proved
based on the Lyapunov stability theory and the Lipschitz hypothesis. Finally, numerical simulations of
dynamical networks with different topological structures are presented to demonstrate the feasibility and

the effectiveness of the results.

1 Introduction

Generally speaking, a complex network is a large set of in-
terconnected nodes, in which a node is a fundamental unit
with specific contents. With the small world (SW) prop-
erty and the scale-free (SF) property being found, recently,
the study of various complex networks has attracted in-
creasing attention from researchers in various fields such
as physics, mathematics, engineering, biology and sociol-
ogy [1-5]. Synchronization in networks is a very common
phenomenon in real systems. Investigation of synchroniza-
tion in networks has drawn great attention recently [6-15].
Synchronization in specific kinds of complex networks such
as small-world networks, random networks and scale-free
networks has been achieved [16-25].

Most previous studies assume that interaction
strengths or link weights can be exactly measured. Conse-
quently, the synchronization problem is significantly sim-
plified, naturally translating into a spectral graph theo-
retic problem, e.g. the spectrum of the Laplacian matrix
of the network [16,20]. However, the assumption that the
link weights can be exactly measured is not realistic in
many real-world networks, because the measurement error
and the uncertainties cannot be avoided in real systems.
The study of the synchronization problem with structure
uncertainty becomes an interesting and challenging topic.
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Multi-links means that there are more than one
connection between two nodes and each of them has
its own property. For instance, there are relationship
networks, transportation networks, world wide web,
etc. [1-4]. Figure 1 shows a transportation network as an
example of a network with multi-links, which is made up
by combining the corresponding airline network, railway
network and highway network [26]. When dealing with
these complex networks with multi-links, we can split
them into sub-networks. There are many different ways
to split a complex network with multi-links. The most
common principle of splitting them is based on the prop-
erty of the connections. For most of the networks, the
phenomenon that there are different transmission speeds
between connections is widespread. For a transportation
network, the transmission speed is different among air-
line network, railway network and highway network. In
most situations, time-delay is an important aspect since
time-delays of different connections are often not all iden-
tical [27-29]. Therefore, time-delay is a proper parameter
that could be used to split the networks.

In our previous work [26], time-delay was introduced
to split complex dynamical networks into sub-networks,
upon which a model of complex dynamical networks with
multi-links has been constructed. Asymptotic synchro-
nization results of complex networks were also given in ref-
erence [26]. The speed of convergence towards synchrony
provides a fundamental collective time scale for synchro-
nizing networks [30]. For many real network systems, it
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Highway
Fig. 1. Transportation network and its division. According
to different transmission speeds, the transportation network

can be split into airline network, railway network and highway
network.

equally matters how fast the units synchronize or whether
the network interactions fail to coordinate the unit’s dy-
namics on time scales [30]. However, the important issue
of synchronization speed for complex dynamical networks
with multi-links has so far received little attention. More-
over, we often know very little information on the network
structure, which makes network synchronization design
very difficult. To overcome these difficulties, this paper
will further investigate the adaptive feedback synchroniza-
tion of complex dynamical networks with multi-links. In
particular, we obtain several novel criteria for globally ex-
ponentially asymptotic synchronization of uncertain com-
plex time-delay dynamical networks with multi-links. The
results are proved to be able to guarantee different expo-
nential convergence rates for the controlled states as well
as the uncontrolled states of the error systems. The pro-
posed method is efficient to control the convergence rates
of synchronization and easy to be verified in engineering
applications.

2 Model of complex time-delay dynamical
network with multi-links

We consider a complex dynamical network model con-
sisting of N identical nodes with linear couplings [31,32],
which is characterized by

N
&= f(x:)+ Y ayHr;, i=1,2,...,N, (1)

j=1

where x; = (2;1,249,...,7m)7 is the state vector of the
ith node, f is a smooth nonlinear vector field, H is the
inner-coupling matrix and A = (a;j)Nxn represents the
coupling strength and the topological structure of the net-
work. If there is a connection from node ¢ to node j (j # 1),
then the coupling weight a;; # 0; otherwise, a;; = 0.

Note that the inner coupling matrix H € R™ " is a
constant matrix linking the coupled variables. In general,
H is selected as an identity matrix, and therefore it is
omitted in our following models.
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Networks with multi-links are very common in the
real world. For a transportation network, the transmission
speed is different among airline network, railway network
and highway network which could be considered as that
the connections of transportation network may have dif-
ferent time-delays. Recently in reference [26], time-delays
were introduced to split the complex dynamical network
into sub-networks in order to describe the time-delay prop-
erty of the networks with multi-links, upon which a model
of complex time-delay dynamical networks with multi-
links has been generalized from the network model (1),
which is described as follows:

N N
;= flay) + Z a?jxj(t) + Zallj:rj(t —71)+...
j=1 j=1

it —Tmo1), i=1,2,...N, (2)

where x; = (21, Ti2, ..., Zin)? € R" is the state vector of
the ith node, f : R® — R" is a smooth nonlinear func-
tion, A; = (al;)nxn € RN*N(1 =0,1,...,m — 1) is the
coupling strength and the topological structure of the Ith
sub-network, (I =0, 1,...,m—1) is time-delay of the lth
sub-network compared to the zero sub-network (79 = 0)
which is without time-delay. The definition of aﬁj is that
in the [th sub-network, if there is a connection between

node ¢ and node j (j # i), then aéj # 0; otherwise,

al; =0, and we define al; = — Z;-V:L#i al.

In dynamical network (2), some sub-networks may
have small world characteristics, others random charac-
teristics, etc. Taking into account different characteristics
of each sub-network, the complex time-delay dynamical
networks with multi-links may present some interesting

dynamical phenomena.

3 Synchronization of uncertain time-delay
dynamical networks with multi-links

In this paper, we consider the synchronization problem
of network (2) with structure uncertainty. The structure
uncertainty means that A;(I = 0,1,...,m — 1) are un-
known or uncertain coupling configuration matrix. Note
that, for most random networks, the degree distribution
of the networks can be measured according to some statis-
tics, although exactly known each link is improbable. So
the coupling configuration matrices A;(I =0,1,...,m—1)
can be random matrices with certain distribution.

Assumption 1: there always exist positive constants
k; > 0 satisfying the following Lipschitz condition:

f () = f@)I] < killy — ]|, 3)

where x and y are the time-varying vectors.

Many dynamical systems meet the Lipschitz condition
of assumption 1, especially chaotic systems, such as Chen’s
system, the Lorenz system, Chua’s circuit and the Rossler
system (cf. [32,33]).
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We take the dynamical network given by equation (2)
as the driving network, and the response network with a
control scheme which is given by:

N N

= f(yi) + Z&?jyj(t) + ngjyj(t —T)+- ..
= =

N

*2

where i, =1,2,.. ., N, Y; = (yil»yi%- . .,yin)T € R" is
the state vector of the ith node, dlij € R" is the estimation
ofau, 1=0,1,2,...,m—1, fand (I = 1,...,m—1) have
the same meaning as those in equation (2), and w; is the
controller for node i to be designed.

Definition. Networks (2) and (4) are globally expo-
nentially asymptotically synchronous if there exist con-
stants M; > 0 and « > 0, such that for any initial condi-
tion, we have:

t*Tm 1)+Uzv (4)

llei()]] < M; exp(—at), (5)
where i = 1,2,..., N and e;(t) = y; —
nization error.

The method of adaptive control based on Lyapunov
stability theory has been considered widely and proved
to be effective to solve problems about synchroniza-
tion [34-37]. Now, we discuss the synchronization of dy-
namical networks (2) and (4) based on Lyapunov stability
theory. The aim of this paper is to design a proper adap-
tive controller u; and the principle of parameter estima-
tion so that ||z; — ;|| — 0 as t — oo.

Theorem 1: let the controller u = e(y(t) — x(t)),
and the feedback strength ¢ = —L. The adaptive laws
of déj (1=0,1,...,m —1) are chosen as follows:

x; is the synchro-

ad; = —alel (t)y;(t) exp(pt),
al; = —akel (t)y;(t — m) exp(ut),

(6)

&ij = O‘ZL ! el (t )Y (t — Tm—1) exp(ut),

where 4,5 = 1,2,..., N p > 0 is a sufficiently small
positive constant and O‘u is the arbitrary constant for
[ =0,1,. — 1. If assumption 1 holds, and if there
exists a positive number L such that

1 n
pi{(ki+2uL+(a?i)+)+ > ad)]

J=1i#]

1 N
+ y (exp(pm) +1) Y laj;| +

03k } 0

1
+ 2(exp UTm—1)

where (a;)™ = max{a?,0}, p;(i = 1,2,..., N) is the pos-
itive constant and |...] means the sign of the absolute
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value. Then the exponential synchronization is achieved
between the driving network (2) and the response net-
work (4) with

lles (D) < M; exp(—0.5ut), (8)

where M; > 0. For the proof of theorem 1, please see
Appendix for details.

Furthermore, if the state vector x; € R and the smooth
nonlinear vector f : R — R, then we have the following
results.

Theorem 2: let the controller u = e(y(t) — x(t))
and the feedback strength ¢ = —L. The adaptive laws
of déj(l =0,1,...,m — 1) are chosen as follows:

&?j = —a;Sgn(e;(t))y;(t) exp(put),
al; = —al;Sgn(e;(t))y; (t — 1) exp(ut),

a;t "t = —al ' Sen(e; (t))y; (t — Tim—1) exp(pt),

where 7,7 = 1,2,..., N, and u > 0 is a sufficiently small
positive constant, and ozﬁj is the arbitrary constant for
1 =0,1,...,m — 1, Sgn(z) is the sign function which is
defined as follows:

-1 ifx<0
Sen(z) = 0 ifx=0 (10)
1 ifx > 0.

If assumption 1 holds, and if there exists a positive number
L such that

N

> lal+.
i=1,j7#i
N

+ (exp(um) +1) ) _lak| + ...

j=1 N
Z } <0, (11

pi{[ki +p— L+ (af)t]+

+ (exp HTm— 1

where (a);)* = max{a¥,0} and p;(i = 1,2,...,N) is the
positive constant. Then the synchronization is achieved
between the driving network (2) and the response net-
work (4). Moreover,
lei(t)] < M; exp(—put), (12)
where M; > 0. For the proof of theorem 2, please see
Appendix for details.
Through theorems 1 and 2, we succeed to achieve
globally exponentially asymptotically synchronization of

uncertain complex time-delay dynamical networks with
multi-links.
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Fig. 2. Topological structure of the network for example 1.

4 Numerical simulations

In this section, we present several numerical simulation
examples to illustrate the effectiveness of the proposed
methods.

Example 1: our first example is to consider a five-
node network which is shown in Figure 2. The network is
composed of two different sub-networks. Sub-network Ag
is the one without time-delay, while the other sub-network
A; has the time-delay 7 = 0.05. So we get the following
weight configuration matrices:

21 0 0 1 41 1 1 1
1 -21 0 0 1 -100 0
Ag=10 1 -21 0|, A,=|1 0-10 0
00 1 -21 1 00-10
1 00 1 -2 1 00 0-1

Generally, chaotic systems are more difficult to synchro-
nize than non-chaotic ones. Many different chaotic systems
have been investigated in the past decades [38-40]. Here,
the famous Lorenz system is taken at the nodes of the
networks, and node 7 is described by:

Ti1 —10 10 O Ti1 0
Tio| =] 28 =1 0 Tio | + | —Ti1T43 (13)
T;3 0 O —g X3 Li1T42

According to equation (2), we have the following driving
network

5 5
i = flz) +Y_afe;(t) + ) ala;t—m),  (14)
j=1 J=1

_ T ;_
where x; = (21, T2, 2453)" , 1 =1,2,...,5.
And the response network is:

5 5
¥ = f(x4) “rzd?jyj(t) +Zdzljyj<t_7—1)v (15)
j=1 J=1

where y;(t) = (yi1 (t), yia(t), via(t)", i = 1,2,...,5.
According to theorem 1, we can construct the following
feedback parameter adaptive laws:

—e =L =2501,
&?j = —ag;ei(t)Ty;(t) exp(0.0035¢),

&}j = —ajjei(t)Ty;(t — 1) exp(0.0035¢),

(16)

where i, =1,2,...,5.
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0 0.5 1 15

Fig. 3. (Color online) Synchronization errors between the driv-
ing and the response networks for example 1, where the time-
delay 71 = 0.05. The first panel is error e;1(t), the second panel
is error e;2(t), and the last panel is e;3(t).

It is clear that equation (7) is also satisfied with
pi=1,k =71(i=1,2...,5) and g = ) when L > 2500.
From theorem 1, we can conclude that the response net-
work is globally synchronous with the driving network.
The synchronization errors from the simulations are shown
in Figure 3.

Example 2: the second example is to consider a net-
work with six different sub-networks which have different
time-delays. The topological structure of the network is
shown in Figure 4. Assuming the network is composed of
four nodes, we can easily get the weight configuration ma-
trixes Ag, A1, As, A3, A4, As, in which matrix Ay has no
time-delay, and matrix As has the maximal time-delay.
The weighted configuration matrices are described by:

r—2 1 0 17 —3 1 1 1
1 -2 1 0 1 -10 0
Ad=1091 91 A=11 0_10)
|1 0 1 —2] |1 0 0 -1
—1 0 1 07 00 0 0
0 -10 1 0-11 0
A2=1 g 10 d=|01 21|
0 1 0 —1] 00 1 —1
00 0 0 —1 100
0-21 1 1 -10 0
A=1o1 10] b=]0 000
01 0 —1 L0 000

We suppose that the dynamics at the node of the network
is a linear system whose states are expressed as 2; = —2x;.
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Fig. 4. Topological structure of the six-feature-edge network.
According to different time-delays, the original network can be
split into six sub-networks.
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Fig. 5. (Color online) States of driving network and the syn-
chronization errors between the driving and the response net-
works for example 2, where 7 = 0.05, 72 = 0.1, 73 = 0.15,
74 = 0.2 and 75 = 0.25, respectively.

According to equation (2), we have the following driving
network:

4 4
= —2m + Y adwi(t) + Y ajzit—T)+ ...
j=1 j=1

4
+Y alait—1s), i=1,2,3 4 (17)
j=1

where 74 = 0.05,» = 0.1,73 = 0.15,» = 0.2 and
75 = 0.25, respectively.

Similarly as in example 1, we construct the corre-
sponding response network and the feedback parameters
adaptive control laws. Equation (7) is also satisfied with
pi=1k=63(=1,2,...,4) and p = ; when L > 12.
From theorem 1, we can conclude that the response net-
work is globally synchronous with the driving network.
The states of the driving network z;(¢) and the synchro-
nization errors e;(t) between the driving network and the
response network are shown in Figure 5.

Example 3: our third example is to consider the net-
work consisting of 50 nodes and describe the network us-
ing Lii systems. The network is composed of two different
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Fig. 6. (Color online) Separate synchronous error variables
eil(t), ei2(t), e:3(t) (1 < i < 50) of network with links own-
ing 2 properties. Both Ag and A; are famous E-R random
network model, the connection probability among nodes is 0.3,
and 7 = 0.01.

sub-networks which can be described as:
50 50
z; = f(xi) +Zagjxj(t)+zagjl’j(t*ﬁ)v (18)
j=1 j=1

where 71 = 0.05, and the node dynamical systems is:
T; = (*36.’51‘1 + 36x;9; 20x;0 — 2512437 — 3xi3 + xﬂxig).

Assume that the structures of these two sub-networks
of (25) obey the random network model, i.e., the weight
configuration matrices Ay and A; are random matrixes.
Similarly as in example 1 and example 2, we construct
the corresponding response network and the feedback pa-
rameters adaptive control laws, and select the parame-
ters as p; = 100, k; = 653 = 1,2,...,50), p = 2.
When L > 2400, equation (7) is satisfied. From theo-
rem 1, we can conclude that the response network is glob-
ally synchronous with the driving network. Figure 6 plots
synchronous errors with connection probability 0.5, and
where the famous Erdos-Rényi random network model is
considered. Figure 7 plots synchronous errors with dif-
ferent connection probability 0.1, 0.4, 0.6 and 0.9, indi-
cating that the proposed method is effective in suppress-
ing the influence of the structure uncertainty. To be more
persuadable, sub-networks with scale-free structure and
small-world structure are also considered. Figure 8 plots
the synchronous errors with different sub-network models,
such as the E-R random network model, the B-A scale-free
network model and the small-world network model. From
Figure 6 to Figure 8, we attain that our theorem is feasible
in different uncertain network structure models.

From Figures 3 and 5-8, we can see that parameters p;
and p influence the synchronization speed, i.e., the larger
these two parameters are, the faster the synchronization
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Fig. 7. (Color online) Synchronization errors e;(t) =

(eil(t), ei2(t), ei3(t)) with different connection probability g¢;
among nodes, where (a) ¢; = 0.1, (b) ¢s = 0.4, (¢) ¢ = 0.6,
(d) ¢: = 1. Both Ap and A; are famous E-R random models,
and these two models have the same connection probability.
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a
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-20| -2DI
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Fig. 8. (Color online) Synchronous errors e;1(t), e;2(t), e:3(t)
of different network models where 7 = 0.01. (a) Ao: B-A scale-
free model, A;: B-A scale-free model, (b) Ag: B-A scale-free
model, Ai: random network model and where [ = 5, (c) Ao:
random network model, A;: small-world model, (d) Ao: small-
world model, A;: B-A scale-free model. For random networks,
the connection probability among nodes is 0.3. For scale-free
network, the initial graph is complete with three nodes, and
two edges are added in the network when a new node is intro-
duced. For small-world networks, each node in initial regular
ring lattice has K = 8 neighbors, and the rewiring probability
of each edge is 0.2.

speed is. Furthermore, we can see that whether A is cer-
tain or random, since we use the adaptive control, the
synchronization can be obtained well. In addition, from
Figures 7 and 8, we can see that different random sub-
network structures have little influence on the synchro-
nization performance, i.e., the network structures with dif-
ferent probability distributions have very small influences
on the synchronization performance which shows the ad-
vantage of the proposed parameter adaptive law.
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5 Conclusion

In this paper, exponentially asymptotic synchronization
between two complex time-delay multi-links dynamical
networks with uncertain coupling configuration has been
studied both theoretically and numerically. In order to
synchronize complex networks with unknown topological
structures, the adaptive controller is given based on the
Lyapunov stability theory. Furthermore, sufficient condi-
tions for synchronization between the driving and the re-
sponse networks are obtained. Finally, several numerical
simulations demonstrate the effectiveness of the proposed
results. Moreover, there are some further significant direc-
tions to be investigated such as the pinning control of un-
certain complex dynamical network with multi-links and
the topological structures identification of complex net-
works with multi-links based on the adaptive method.
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61170269, 61121061) and the China Postdoctoral Science Foun-
dation funded project (Grant No. 2012T50209).

Appendix

Proof of theorem 1: we can get the following error dy-
namical system:

éi(t) = fly) = (i) + 3 agye; (1)

N
+Za}j€j(t—7'1) + ...
j=1

N

Yej(t—Tmo1) + Y (@)

j=1

N
+a” — ag;)y; (t)
j=1

N
+ Z(d}j - a}j)yj(t —T)+ ...
=1

N
+) @t = al )yt — 1) — Lei(t),

(A1)

@
Qo
=
I
38
o
=
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Now, we construct the Lyapunov candidate as:

+Z|au|

tTl

+ Z |ai} ™ ej (s)e;(s)

t—Tm—1

x exp [(s + 7)) ds},

where p;(i = 1,2,...,N) is the positive constant. Then

we have:

N

N

+Zazljej t—m1)+.. +Za j

N
=1 j=1
N
+ Z (dz}*l - a?g%l) Yt — Tm—1)
j=1

=1 Y
A
~m—1 m—1) *m—1
+ z : m—1 (az] = Ay )az]
=1 %ij

1 N
ty D lalil(e] (te;(t) explpm)
—T11)ej(t —71))exp(ut) + ...

1 N
Ty D lagH(e] (e (t) exp(umim-1)

— e;‘-F(t — Tm—1)€;(t — Tm-1)) exp(ut)}.

, )2

Mo
t) exp(ut) + Z ol ~ij
j=1 "

sz{e eXp Nt |:(h 61 + Zazjeﬂ

- 7—m—l)

040
) Qij +e]
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According to equation (22), we get

N
Vi(t) < Zpi exp(ut){ (kz + ';L - L) ef ()es(t)

i=1

—|—ZUL1JZ —|—Za”Z Yej(t—T1) + ...
N

+> ap el (t)ej(t — )
j=1

e;‘»r(s)ej(s) explu(s +71))ds + ... j=1

(A.3) fef(t — Tm—1)e;(t — Tm,l)) } (A.5)

Let 27 =ef(t) and w =¢j(t —7) (1=1,2,..., m—1),

and according to 27w < (272 + wTw), we attain

<> pi eXP(Mt){ (kz + g - L) ef (t)es(t)

=1
N
+ afe] (t)ei(t) + Z |ag;le] (t)e;(t)
J=1i#j

m)e;(t—11) +ef (Hei(t))

+ Z!%!

6?(t — Tm_l)ej(t — Tm—l)

Zlawl

- eJT(t —11)e;(t — 7'1)) +...

N

1 o
+ 2 lal
=1

- e;‘-r(t — Tm-1)€;(t — Tm—l))}

;(t) exp(pr)

T (£)e;(t) exp (1)

N
< Zpi eXP(ut)eiT(t)ei(t){ (’fz + g -
(exp(um) + 1 Z |a”| +.

DT 3

1 N
(A.4) + o (exp(Tim 1) ; }

N

(A.6)


http://www.epj.org

Page 8 of 9

If there exists a large number L such that

N
1
pi{ (kz + 2qu+ (a?l-)+) + Z |a”|
J=1i#j
1 N
+ 2(exp(m'1) +1) Z |a}j| +...
j=1

Z } 0, (A7)

then we get V(t) < 0. It follows that V(t) <
any t > 0.
Using the Lyapunov function (A.3), we have

1/2pillei||* exp(ut) = 1/2pie] e; exp(ut) < V(t) < V/(0).

Therefore, we obtain ||e;(¢)|] < M,;exp(—0.5ut) with
M; = /2V(0)/p; > 0. Thus, according to the Lyapunov
theorem [26,31,34-37,41], we yield ||e;(¢)|| — 0 as t — oo.
That is, networks (2) and (4) are globally exponentially
asymptotically synchronous.

Proof of theorem 2: just as the proof of theorem 1,
construct a Lyapunov candidate as follows:

N N i
t) = Zpi{hai(t exp(ut) + Z o0 *ij )
i=1 ]:1 J

1
+ 2(exp UTm—1)

Lo

OIS,

+ al.(&ijia}j)2+"'
j=1 "4
N
1 1 ~m—1 —1\2
+2205”—1 (a:? 70';7]? )
=1 "ij

t

lej(s)| explu(s + 71)]ds + . ..

N

+>_ lalj]
=1 t—T71
N

+> e
j=1

where p;(i =1, 2, ...,
Then we have:

t

t—Tm—1

lej(s)] explu(s +Tm—1)]d8},

N) is the positive constant.

N
V({t)=> pi {Sgn(ei(t))éi(t) exp(ut) + ple; (t)] exp(pt)
i1
Al
0 20
+ Z af. (a” o a]) @ij +
j=1 "4
AR
+ Z ol (~:’;_1 — a:’;_l)a:’;_l + exp(put)
j=1 %ij

N
x [Zlabl(leg( )exp(ur)| = lej(t =m)l) + ...

N
+y_lag™ (Iej(t>exp(mm1)|Iej(tfml)l)]}-

According to Sgn(
kilei(t)], Sgn(gi(ei(t)))gi(ei(t)) =
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lei(®)],

- lgi(es(t)

lgiei(t))] <
)|, we obtain

(t))ez(t) =

) < sz exp(ut)< Sgn(e;(t)) [kilei(t)| — Llei(t)]

N
+/J,|61 + Z | z]| |el + Sgn( ( ))

=

[Z|au| t)+ei(t—m))+...
+Z|a

iw (es(0)

N

JFZ |a (les(t

Iej(tfml)l)”

—

+€J(t—7'm 1))‘|

+ exp(pm)| = lej(t =m)]) + ...

) exp(UTm—1)|

N
<3 m exp(ut>|ei<t>|{ [kt = L+ (af) ]
i=1
+ Z ’aU’—i— exp(ur) + 1) Z|a
i=1,j#1

N
+ (exp(pTm—1) + 1) Z af;-_l }
=1

If there exists a large number L such that

N
pi{ [ki—l—u—L—l—(a%)q + Z ’a?j’—i—...

i=1,j#i
N
+ (exp(pum) +1) Z |lag;| + -
j=1

N
+ (exp(purm-1) +1) Y _ | } <0,
j=1

then we achieve that V(t) < 0. Similar to the proof
of theorem 1, we have le;(t)] < M,;exp(—put) with
M; = \/V (0)/p; > 0. Thus, we have ||e;(¢)|| — 0 as t —
oo. That is, networks (2) and (4) are globally exponentially
asymptotically synchronous. The proof is thus completed.
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